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Figure 4: Generalized workflow chart
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PCI1 captures dominant geological variance,
PC2 minimizes redundant information.
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to prevent high correlation.
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Figure 10: Cross plot of two principal components along the WE Profile (Inline 595): (a) without inversion products (b) with inversion products.
Depth slice at 4000 m: (¢) without inversion products (d) with inversion products.

Figure 5: PCA concept illustration
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