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Who is Afraid of Reg FD? The Behavior and Perfor mance of Sell-Side

Analysts Following the SEC’s Fair Disclosure Rules

Abstract

Effective October 23, 2000, the Securities and Exchange Commission adopted a set of
far disclosure rules (“Reg FD”) that prohibit companies from disclosng eanings or
other materid business information to some andyss or large investors before announcing
it publicly. This paper empiricdly anayzes the implications of these new rules on severd
aspects of the behavior and peformance of sdl-Sde equity andyss. We andyze
forecasts made for a large sample of public companies for three post-FD quarters and for
severd pre-FD years. We use pand regressons and the fixed effects modd. We have
three main findings. Fird, earnings forecasts become less accurate post-FD at the levels
of both the individud andyst and the consensus. We provide detailed empirical evidence
that suggedts that this effect is not entirdy due to the recesson. The effect is particularly
pronounced in smal firms, less followed firms, firms with losses, and firms in technology
and consumer services sectors. Second, individua andysts following a company become
more dispersed in their earnings forecasts post-FD. This effect is sronger in smdl firms
and firms in technology and consumer durables sectors.  Third, andyst performance
rankings become somewhat more dable following the adoption of these rules. These
results are generaly robust to dternative methodologies and empirical procedures, and
ae consgent with a reduction in sdective guidance following the adoption of far
disclosure rules,

Keywords. FD; Reg FD; Regulation fair disclosure; Fair disclosure rules; Security
andydgs, Andys forecasts
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WhoisAfraid of Reg FD? The Behavior and Performance of Sell-Side

Analysts Following the SEC’s Fair Disclosure Rules

1. Introduction

On August 10, 2000, the Securities and Exchange Commission (SEC) approved a
st of “far disclosure’ rules, generdly referred to as “Reg FD”. These rules require a
company to reved any “maerid” information to dl investors and to Wal Street andydts
gmultaneoudy in case of intentiond disclosures, or within 24 hours in case of
unintentional disclosures.  The rules became effective October 23, 2000. These rules are
intended to put an end to the practice of “sdective disclosure” whereby companies give
Wdl Street andyss and large shareholders crucid earnings and business information
prior to making it public. The rules prohibit companies from tipping off some favored
anadysts, investors, and media outlets before others.

Andysts have been an important link between companies and investors. Pre-FD,
companies used andydsts as a tool to manage the market's expectations (see, eg., Ryan
(2000) and Opdyke (2000)). Instead of announcing detailed, forward-looking operationd
and peformance information publicly, managers liked to communicate it via andyds.
Managers could be more candid and precise in ther one-onone communications with
andysts because they did not have to worry about liability issues. They dso did not have
to worry about sendtive information faling in the hands of competitors, customers,
suppliers or trade unions, which might use it for ther own purposes. So andysts served
a a usful filter to communicate information to the market. Maintaining good reations
with andyss ds0 increased the likdihood of getting a favorable recommendation for the
gock. Andysts obvioudy liked precise guidance from companies because it dlowed ther
forecasts to be more accurate.

Reg FD throws a fly in this ointment. Companies now have to dther disclose a
piece of information publicly or refran from discussng it with andyds In a recent
survey by the Associaion for Investment Management and Research (2001), about 90%
of odl-9de andyds reported regulaly holding individud interviews with top



managements of the companies they followed pre-FD. About 70% of the respondents
reported a drop in such contact post-FD, while the remaining reported no change. More
specificdly, 80% of the andysts reported that they used to regularly request and receive
earnings guidance from the companies they covered pre-FD. Post-FD, 80% of the
andyds reported a drop in the avallability of guidance, 7% reported an increase and the
remaining reported no change. By a 65% to 12% margin, respondents aso reported a
drop in the ovedl qudity of written and ord information they receve from the
companiesthey cover.

This paper empiricaly assesses the impact of Reg FD on two aspects of andyst
performance, namely the accuracy of their earnings forecasts and the gtability of rankings
of their performance as forecasters, and an aspect of their forecast behavior, namely the
disperson of ther forecasts. We andyze forecasts for three quarters following the
adoption of far disclosure rules and for severa years before their adoption for a large
sample of public companies. We employ univariate tests and pand regressons with the
fixed effects modd. We dso examine whether the effects vary according to firm
characteridics such as dze, andys following, industry, and for firms with profits vs.
losses.

We have three main findings. Firs, andyst forecasts become less accurate
following the adoption of far disclosure rules. This effect is found both a the individud
andys level and a the leved of the consensus (i.e, median of dl andyss). We provide
detailed empiricd evidence that suggedts that this effect can not be entirdly atributed to
the recesson. The effect is more pronounced in smdl firms firms followed by fewer
andyds, firms with losses, and firms in technology and consumer services sectors.
Second, forecasts become more dispersed following Reg FD. This effect is bigger for
gndl firms and firms in the technology and consumer durables sectors. Third, anadyst
rankings become somewhat more stable following Reg FD. These results are generdly
robust to dternative methodol ogies and empirical procedures.

The paper proceeds as follows. Section 2 discusses the issues in more detall.
Section 3 briefly reviews some themes in the prior literature on andyst forecasts. Section
4 describes the sample and data. Section 5 presents our tests and results on forecast



accurecy. Section 6 deds with forecast disperson, and section 7 tackles the issue of
gability of andyst rankings. Section 8 concludes the paper.

2. Issues

This section discusses the potentid effects of Reg FD on three aspects of the behavior
and performance of stock andysts. We discuss forecast accuracy in section 2.1, forecast
disperson in section 2.2, and changes in analyst rankings in section 2.3.

2.1 Forecast accuracy

Numerous aticles in the busness press clam that before Reg FD took effect,
“earnings guidance’ was an important facet of communication between a company and
the andyds following it. A company atempted to “guide’ andyds to a quarterly
earnings number that it could meet or beat, as a way of managing investor expectations
As a result of these direct contacts with companies, anadysts had a better idea of the
earnings numbers for the coming quarter and the year before they were announced to the
public. So their forecasts tended to be close to the subsequently announced actud
earnings number, thereby making forecast errors smal. For example, McGough and
Bryan-Low (2000) say, “For a long time, Wdl dreet andyss have resembled a highly
unlikdy group of golfers. In making thar quaterly earnings edimaes, they essentidly
al lined up a the tee, took theirs shots — and dl the bdls landed at just about the same
gpot on the golf course” However with the adoption of Reg FD, the job of predicting
earnings may become harder for andysts because the rules prohibit pre-announcement
disclosures to andysts by companies. This implies that Reg FD should have a pogtive
effect on the absolute values of forecast errors (actual minus forecast earnings per share).

Three factors can act to attenuate this positive effect. Fird, in the absence of direct
guidance from companies, andysts may incresse the time and effort they spend on
forecasting earnings (i.e, on “being anadyss’) and decrease the time spent on client
rdaions (i.e, on “being sdesmen’). They may increese ther efforts a monitoring the

company’s busness and peformance, perhgps gathering information from dternate

YPrior studies find that the stock market rewards firms for meeting or beating analyst forecasts consistently
(see, e.g., Degeorge, Patel and Zeckhauser (1999), and Bartov, Givoly and Hayn(2000)).



sources such as customers, suppliers, trade and industry groups, and employees. Second,
companies may change their behavior too in response to the new rules. In the face of
redrictions on one-on-one communicetion with anayss, companies may disclose more
forward-looking information publicly. This may offsst any effect of Reg FD. Third, the
effectiveness of the new rules depends upon their enforcement by the SEC. In the
absence of effective enforcement, the rules may have scant effect. So whether, and to
what extent, the accuracy of andyst forecasts reduces post-FD is ultimady an empiricd
question.

2.2 Forecast dispersion

To the extent tha companies pre-FD earnings guidance was informdive, the
digribution of andysts forecasts should have been more concentrated near the average
of al analyst forecasts. If the rules are effective, there should now be more disperson of
andys forecasts, as companies can no longer “guide’ analysts to a precise earnings
number. Without guidance, andysts will now have to rdy more on ther individud
andyses. This should have a pogtive effect on the disperson of earnings forecasts. Once
agan, this effect will be reduced if companies subgtitute more public disclosure instead
of guidance to andyds, or if the new rules are not effectivdly enforced. So whether

forecast digpersion increases post-FD remains an empirica issue.

2.3 Stability of analyst rankings

Numerous dories in the financid press suggest that before Reg FD, companies
sometimes favored certain andysts in providing eamings guidance? To the extent that
this was true, the gtability of anadys rankings from year to year can change immediately
following the adoption of Reg FD. This is an important issue because rankings can affect
andyss influence on stock prices as well as analysts careers (see, eg., Mikhail, Walther
and Willis (1999), and Hong and Kubik (2003)). Preferentid treatment by companies can

concelvably take one of two forms. A company can ether favor the same anays(s)

For instance, Arthur Levitt, the former SEC Chairman, is quoted as saying, “Some in corporate
management treat material information as a commodity — a way to gain and maintain favor with particular
analysts’ (see Ryan (2000)). Similarly, a prominent technology analyst is quoted as saying, “The analysts
that are held in high esteem these days are those that are spoon-fed by management” (see Nocera (2000)).



conggently (consstent preference) or it can favor different andysts over time (random
preference). As for andyds, they are ether equaly good at research or they differ in their
research abilities

Congder first the case of consstent preference pre-FD. Here, analyst rankings
should become more varidble when Reg FD begins if companies favored inferior
andys(s) pre-FD; the vaiability of rankings should reman unchanged if companies
favored superior analyst(s) pre-FD. This should be true regardless of whether anayss
differ in their research abilities.

Now condder the case of random preference pre-FD. Here, if dl andyds are
equaly good a research, the new rules would leave the variability of rankings
unchanged. But if some andyds ae better than others, the banning of preferentia
treatment under Reg FD would actualy reduce the variability of rankings by taking away
the noise crested by random preference. Of course, if the rules are not effectively
enforced, no change should be observed. So whether andyst rankings become more or
less varigble when Reg FD beginsis ultimatdly an empiricd issue.

3. Prior studies

Since Reg FD is so0 recent, we are not aware of any published study that
investigates its effects on the behavior and performance of stock anaysts® On the other
hand, the behavior and performance of stock andysts in generd is a widely researched
topic. We do not attempt to review this vast literature here. Instead, we briefly provide a
flavor for some themes in this literature. A large drand of this literature focuses on the
accuracy of andyst forecasts. One question is whether andlysts add value over time-series
models of earnings. The answer seems to be “yes’ (see, eg., Brown, et a. (1987)).
Another question is whether forecasting ability differs across andysts. Again, the answer
seems to be “yes’ (see, eg., Sticke (1992) and Sinha, Brown and Das (1997)). A third
quedion is “wha determines differences in forecast accuracy across analysts?’. The

ansver here seems to be characteristics of andysts (such as experience and the number

3In concurrent work, Heflin, et al. (2001) examine one quarter of postFD data and find that stock prices
adjust more quickly and stock returns are less volatile around earnings announcements, and firms increase
the frequency of voluntary disclosures. They also look briefly at analyst forecast accuracy and dispersion.
To the small extent that the two papers overlap, our results are similar.



of companies they follow) and of the brokerage houses that employ them (such as dze,
industry specidization, and andyst turnover). See, eg., Mikhal, Wdther and Willis
(1997), Clement (1999), and Jacob, Lys and Nede (1999). A fourth issue is whether
anayst forecasts are unbiased. Brown (2001) reports that andyst bias has changed over
the last two decades. Forecasts were somewhat optimistic during the mid to late 1980s,
unbiased during the early 1990s, and somewhat pessmidtic in the latter part of the 1990s.
But this pattern differs for firms with profits versus |osses.

Ancther theme is the tendency of andyds to herd, i.e, issue forecasts smilar to
those previoudy released by other analysts (see, eg., Trueman (1994), Welch (2000), and
Graham (1999)). A different strand focuses on potentid conflicts of interest faced by
andydgs in ther dua role as forecasters and sdesmen (eg., Michady and Womack
(1999)). Career concerns of andyds is yet another theme (eg., Hong, Kubik and
Solomon (2000)).

4. Sample and data
In this section, we discuss our data in section 4.1, the origins of Reg FD in section
4.2, our choice of forecast periodsin section 4.3, and sample Sizesin section 4.4

4.1 Data

The data for this study come from the I/B/E/S detal and summary history
databases. Fair disclosure rules were approved by the SEC on August 10, 2000 and
became effective on October 23, 2000. So the quarter ending December 31, 2000 was the
fird quarter affected by these rules. We analyze forecasts for that quarter and the two
subsequent quarters as the post-FD period. For each post-FD quarter, the pre-FD period
consgs of the average of the corresponding quarter over the prior three to five years,
depending upon the availability of data

4.2 Originsof therules
The rules were formally proposed by the SEC on December 15, 1999. They were
open for public comment untii March 29, 2000. Before its forma proposd, the first




public hint of the SEC's concern with sdective guidance came in a speech by Arthur
Levitt, then Chairman of the SEC, at the “SEC Spesks’ conference in Washington, DC
on February 27, 1998 (SEC 1998a). Levitt subsequently spoke more forcefully againgt
the practice at a speech at New Y ork University on September 28, 1998 (SEC 1998Db).

Could the rules have had an effect prior to ther forma adoption? That is
companies may have seen the writing on the wal and Stopped providing sdective
guidance to analysts once they became aware of the SEC's concern. This is certainly a
posshility, dthough two pieces of evidence point agang it. Fird, there was intense
lobbying by andysts, brokerage firms and companies againg the proposed rules up until
their adoption. The only group in favor of the rules was individud investors who felt left
out of the communication loop between companies, andyss and inditutiond invesors.
This may have led to uncertainty about the adoption of the rules. Second, in a January
2000 survey, 84% of corporate investor relations officers indicated that they would not
reduce the amount of meetings they hold with investment professonds such as andyds
in anticipation of the rules* This suggests that guidance to analysts may not have reduced
before the rules adoption. Nonetheless, we repeated al our subsequent tests using the
pre-1998 period as our pre-FD benchmark. These results are generdly quite Smilar to
those presented in the paper.

4.3 Forecast periods

For the quarter ended December 31, 2000, we analyze forecasts made over two
time intervals of approximady sSmilar lengths preceding the earnings announcement
date. These are: August 10, 2000 to October 22, 2000, and October 23, 2000 to January
10, 2001. The first period starts with the adoption of these rules and ends the day before
the rules became effective.  The second period dtarts the day the rules became effective
and ends before the firgt day that any firm announces its results for the quarter. For the
quarter ended March 31, 2001, we pick two successve intervas of two months each
garting on October 23, 2000. Findly, for the quarter ended June 30, 2001, we pick two
successve intervals of two months esch darting on February 1, 2001. During each

*Investor Relations Business, Gray Areasin New Disclosure Regulation Worries |ROs, January 24, 2000,
page 1.



forecast period, we use the latest forecast made by each andyst following a company.
This is an dtempt a putting dl andyds on an equa footing regarding the age of ther
forecasts. As discussed in section 54.2 below, the resllts ae gmilar if we explictly
control for forecast age in our fixed effects regressons.

Companies usudly dart announcing the results for a quarter beginning about two
weeks dfter the quater ends. An andys following a company typicdly issues multiple
forecasts about the earnings for a given quater over roughly a sx-month period
preceding the earnings announcement. Obvioudy, with the passage of time, forecadts
become more accurate as more information becomes avalable.  Vaious andysts
folowing a company issue and revise ther forecasts a different times over this six-
month interval. We choose forecast periods of about two months each to increase the
liklihood that an andyst issues a forecast during the interva and to put those analysts on
roughly equa footing as to the quantity and quaity of information avalable to them.®
Our results are robust to the choice of these forecast periods. As discussed in section
5.4.3, the reaults are smilar when we use a different procedure that does rot require us to
make this choice.

4.4 Sample sizes

We conduct multiple tests of each of the three hypotheses discussed in section 2.
For each tedt, we andyze forecasts made during two periods for each of the three
quarters. Each test is based on the maximum data avalable for the test. Consequently,
sample szes vary across the tables depending upon the availability of data.

Table 1 gives a flavor for how sample szes were arived a for the tests presented
below in sections 511 and 5.1.2 for the first forecast period for the quarter ended
December 31, 2000 (i.e, for the last column for the first row in Tables 2 and 3). Column
1 of Table 1 shows that for this quarter, individud andysts made a totd of 73,851
forecasts. Out of these, we focused on te latest forecast made by each andlyst during our

°In other words, if we expand the forecast period to, say, six months, then the analyst who issues the latest
forecast in the interval has the best chance of winning and the one who issues the earliest forecast has the
worst chance. On the other extreme, if we reduce the forecast period to, say, one day, there may not be a
single analyst that issued a forecast during the interval. Since several of our tests are about the accuracy
and ranking of individual analysts following a company, the choice of a two-month forecast period is a
compromise between these two extremes.



first forecast period: August 10, 2000 to October 22, 2000. There were a total of 10,104
of these, out of which actual eps data was available for 9,544. Of the laiter, stock price
data was available for 8,516 cases, and the stock price was $1 or more in 8,461 cases.
This is the number in the last column for row 1 of Table 2. Column 2 of Table 1 shows

the corresponding sample sizes for consensus forecasts (Table 3).

5. Forecast accuracy

The fird issue we investigate is the behavior of forecast errors (actud minus
forecast eps) following Reg FD. We examine this issue both at the levd of the individud
andys as wdl as a the levd of the consensus forecast. We define the normalized
forecast error for analyst i following company j for forecast period t as

NFEj: =|g:- €ijt |/ pjt 1)

where g = earnings per share (eps) for company j for quarter t, €jj - estimate of & by
andys i, and pi = the latest stock price in the I/B/E/S database for company j within a
given time window.

We choose the stock price rather than eps to normalize forecast errors to avoid the
inference problems caused by divison by zero or negative earnings. In section 5.4.4, ve
discuss results for robustness checks where we normdize forecast errors by the median
andys edimate of sdes per share instead of stock price.  In generd, the results are
quditativedly dmilar to those presented here.  In order to avoid the problem of inflated
forecast errors caused by divison by very smdl numbers, we omit from the sample
companies that have a stock price of $1 or less.

We dat by presenting the results of univariate tests in section 5.1. Section 5.2
presents the results of fixed effects regressons. Section 5.3 examines whether the results
differ based on four firm characteristics. Section 5.4 discusses the results of a variety of

robustness checks.
5.1. Univariatetests

We present the results for individua andystsin section 5.1.1 and for consensus
forecastsin section 5.1.2.
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5.1.1. Individual analysts

Table 2 presents the mean and median values of normalized forecast errors pre and
post-FD for both forecast periods preceding each of the three quarters. For each forecast
period, the column labded “pos” shows the mean (median) vadue of NFE across dl
andyg-company pairs during the pos-FD quarter. The column labded “pre’ shows the
corresponding pre-FD period values based on the prior three years®

The firgt two columns of Table 2 show that the mean vadue of the normalized forecast
error increases following Reg FD in both forecast periods for each of the three quarters.
Column 3 shows that the p-vaue for this difference is <0001 in five of the Sx cases.
The magnitude of the increase in these five cases ranges from 44% to 119%, and has a
mean of 68%.

Columns 4 and 5 show that the median NFE is higher following Reg FD in both
forecast periods in the second and third quarters post-FD; dl four differences are
ddidicdly ggnificant a the 5% leve or better usng the Wilcoxon tet. The magnitude
of the increase here is somewhat lower; it ranges from 8% to 74%, and has a mean of
47%.

5.1.2. Consensus For ecast
We next define the normalized consensus forecast error for @mpany j for forecast
periodt as:
NFE: =|gt- &t |/ py ()

where €j; - the latest median of dl anayst forecasts of g; made within a given forecast
window, and [ = the latest stock price for company j in the I/B/E/S database within the
window. Once again, companies with stock price under $1 are excluded.

Table 3 presents the mean and median vaues of normaized consensus forecast errors
pre and post-FD in a forma damilar to Table 2. Columns 1 and 2 show that the mean

SWe compute this as follows. For each analyst-company pair, we first compute the average NFE over all
the years out of the prior three years that the pair exists in I/B/E/S. We then compute the average of these
averages across all analyst-company pairs. This approach gives equal weight to each analyst-company pair.

11



forecast error increases following Reg FD in five out of the sx forecast periods, the p-
vaue is less than .05 in four of these cases  The magnitude of the increase ranges from
36% to 137% in the four dgnificant cases, with a mean of 85%. Columns 3 and 4 show
that the median forecast error aso increases in three out of the six forecast periods; the p
vaue for the Wilcoxon test is less than .05 in dl three cases. The magnitude of the
increase in these three cases ranges from 28% to 42%, with a mean of 36%. However, in
the remaning three periods, the median forecas eror decreases dgnificantly.  The
magnitude of the decrease in these three cases ranges from 7% to 21%, with a mean of
12%.

5.2 Fixed effectsregressions
We next etimate the following cross-sectiond time series regresson of
normalized forecast errors:
NFE;j: = by LOSS;jt + b, REGFDjt + Uit €)

where the indicator varidble LOSS;; = 1 if :<0; it equals zero otherwise. The indicator
varigdble REGFD;j; equals one for the post-Reg FD period (year 2000 for the December
ending quarter and year 2001 for March and June ending quarters), and zero otherwise.
The sample period is 1997-2000 for the December ending quarter and 1998-2001 for the
two subsequent quarters. The sample includes dl andyst-company pairs in the I/B/E/S
database that have a NFE observation post-FD and at least one NFE observation pre-FD.
As with the univariate tests reported above, we estimate equation (3) for forecasts made
during each of the two forecast periods for each of the three quarters. We dso estimate a
combined regresson where we pool the data from the three quarters.

Since we are only interested in examining the effect of Reg FD on forecast errors,
rather than in assessng the usud determinants of forecast errors, we use a modd with
andyst-company fixed effects’” This involves adding a dummy variable for each andyst-
company pair to the right hand sde of equation (3). Alternativey, one can subtract from
each variable in equation (3) its mean vaue for each andys i following company j over

"See Wooldridge (2002) for adetailed exposition of the fixed effects model.
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the sample period® By tredting andyst-company effects as fixed, we do not try to explain
what determines the accuracy of analyst forecasts in generd.® Instead, our panel data and
the fixed effects mode alow usto largely abstract from that question.

Contralling for andys-company fixed effects, however, does not control for the
griking differences observed in the forecast accuracy of anadyds for profits versus losses
(see, eg., Brown (2001)). So we contral for that effect by adding LOSS as an explanatory
vaiadle in  equation (3). This alows us to focus on the effect of Reg FD. A positive
coefficient on REGFD would imply that forecast erors increase following the adoption
of Reg FD from their normd levels for a given analyst following a certain company.

Pand A of Table 4 shows the edtimates of equation (3) a the levd of individud

andyst forecasts® The edtimated coefficient (h2) of the REGFD dummy is positive and
highly daidicdly dgnificant in dl eght regressons Forecasts of individud andyds
become less accurate following the adoption of far disclosure rules. The magnitude of
this effect is nonrtrivia. For example, for period 1 of the combined sample, b2 = .006.
For a $50 stock, this implies an average increase in absolute earnings forecast error of 30
cents per share post-FD. Interestingly, this effect is bigger for forecasts made earlier in
the quarter than for those made |ater.

Panel B shows the corresponding regressions for consensus forecasts. Here there
is only one NFE observation per company for each time period. So we use a modd with
company fixed effects These results largdy mirror those of Pand A. The coefficient of
REGFD is podtive and highly datidicdly dgnificat in dl eght esimations. The results
indicate that the consensus of andyst forecasts dso becomes less accurate following Reg
FD.

Consgtent with earlier sudies (eg., Brown (2001)), forecast errors are
subgtantidly larger for loss firms than for profit firms The coefficdent of the LOSS
vaiable is large, podtive and datidicdly dgnificant in dl 16 regressons in the table In

8Prior studies (e.g., Clement (1999)) have also used the fixed effects model to analyze analyst forecasts.
Wooldridge (2002) shows that the two methods of controlling for fixed effects are mathematically
equivalent. All fixed effects regressionsin the paper are estimated using STATA.

See Mikhail, Walther and Willis (1997), Clement (1999), and Jacob, Lys and Neale (2000) for some
excellent work on that topic.

99n all fixed effects regressionsreported in the paper, the null hypothesis that all unobserved effects are
jointly zero has a p-value < .0001 (not shown in the tables).
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section 5.3.4, we describe results of tests where we separately andyze post-FD changes

in forecast errors for profit vs. lossfirms.,

5.3 Differential effects acrossfirms

We next examine whether post-FD changes in forecast accuracy differ based on
four firm characteridics dze, andys following, industry, and for firms with profits vs.
losses. In each case, we estimate variants of equation (3) for the combined sample of the

three quarters and treat anayst-company effects as fixed.

5.3.1 Firm size effect
If small companies engaged more in sdective disclosure pre-FD in order to attract
and retain andyst coverage, we would expect andyst forecasts to become particularly
less accurate in these firms post-FD. In order to test this premise, we estimate the
fallowing pand regresson:
NFE;; = bisLOSS;j» SMALL;j; + bys REGFDjj « SMALL;jt
+ b1 LOSS;jt » LARGE;j: + bo. REGFDj « LARGEt + Uijt 4

where the indicator varidble SMALL;;; equas one if company j's market value of equity
is $200 million or lower in year t, and zero otherwise. The indicator variable LARGE;; =
1 - SMALL;;. The other varidbles are as defined earlier in this section. Estimating
equation (4) is andogous to esimating equation (3) separately for smadl and large firms
and alows usto test for the equdity of the coefficients for the two groups of firms.

Pat | of Pand A in Table 5 shows that a the individud andys level, forecast
errors increase following Reg FD for both smal and large firms in both forecast periods.
The coefficient of the REGFD variable is highly datidicdly sgnificant in dl four cases
However, the effect is much bigger for smdl firms than for large firms, both Satigticaly
and economicaly. The null hypothesis that bys= b, has a p-value < .0001.

The results for consensus forecasts shown in Part 1l of Pand A in Table 5 are
quite dmilar to those in Pat | of Pand A. Both individua andys and consensus
forecasts became less accurate following the adoption of fair disclosure rules. This effect
isggnificantly bigger for smaler firms

14



5.3.2 Analyst following

If companies followed by fewer anaysts made more use of sdective disclosure as
a tool to attract and retain anayst coverage pre-FD, we would expect analyst forecasts to
become paticularly less accurate in these firms pos-FD. To examine this issue, we
edimate the following pane regresson:

NFE;j: = by LOSS;j: « LESS;jt + by REGFDjjt « LESS;jt
+bym LOSS;jt - MORE;j; + by REGFDj » MOREjj; + Uijt ©)
where the indicator variable LESS;; equas one if company j is followed by four or fewer
andydts in year t, and zero otherwise. The indicator variable MORE;it = 1 - LESSj;. The
other varidbles are as defined earlier. Edimating equetion (5) is Smilar to egtimating
equation (3) separately for less and more followed firms and alows us to test for the
equdity of the coefficients for the two groups of firms.

Pand B of Table 5 shows that normaized forecast errors increase post-FD for
both less and more widdy followed firms, a the leve of the individud andys as wel as
the consensus. The estimated increase in forecast errors is bigger for firms followed by
fewer andydts in both forecast periods and is Satigtically Sgnificant in the later period.

5.3.3 Industry effect
Next, it isinteresting to examine whether post-FD changes in forecast accuracy

differ by the indusiry sector. We estimate the following pane regression:

NFE;j: = él (bik LOSS;jt + INDyijt + box REGFD;j « INDyijt)+ Uit (6)

k=1

where the industry indicator variable INDyj; = 1, if the first two digits of company j's
I/B/E/S Sector/Industry/Group (S/1/G) code equa 01; it equds zero otherwise. Similarly,
IND2ijt = 1 if company j belongs to SI/G code 02, and zero otherwise; etc. The other
vaiadbles are as defined earlier. Edimating equation (6) is Smilar to edimating equation
(3) separatdly for each industry and dlows us to test for the joint equdity of the
coefficients for the 11 industry sectors.
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Pand C of Table 5 shows that post-FD changes in forecast accuracy differ widely
across the various indudtry sectors. The last column of the table shows that the null
hypothesis of equdity of the coefficients of REGFD across al sectors can be rejected a
the .0001 level. Forecast accuracy increases Sgnificantly post-FD for the consumer
sarvices and technology sectors in both forecast periods a both the individuad andyst and
consensus levels, it does not change for the hedthcare, energy, transportation and capita
goods sectors.

5.3.4 Profit vs. lossfirms

We findly examine whether pos-FD changes in forecast errors differ for profit
vs. lossfirms. We estimate the following panel regression:

NFE;: = by LOSS;; + by REGFDj * LOSS;jt

+ boy REGFD;¢ * NOLOSS; + 4 (7)
where NOLOSS;j: = 1 - LOSS;jt and other variables are as defined earlier.

We find that forecast errors increase post-FD for both groups of firms, but the
increese is subgtantidly larger for loss firms than for profit firms. The null hypothess
that the coefficient of REGFD is equd for the two groups of firms can be rgected a the
0001 level. To save space, these results are not shown in atable.

5.4 Robustness checks

We next check the robustness of our results to the confounding effect of the
recesson, an explicit control for forecast age, and our choices of forecast periods and of
the variable used to normdize forecast errors.

5.4.1 Effect of therecession

Reg FD became effective in October 2000. According to the Nationa Bureau of
Economic Research, the economy went into a recesson in March 2001. Could our
finding of greaster forecast errors post-FD be an atifact of the posshility tha earnings
may be harder to predict during economic downturns or during turning points of the
business cycles?
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That is cetanly a posshility. However, four pieces of evidence point agang the
recesson being the sole explanation for the grester forecast errors that we observe post-
FD. Fird, Table 4 shows a large increase in forecast errors for the quarter ended
December 2000, a period that precedes the onset of recesson. Second, the timing and
magnitude of any business cycle effects can differ across companies. To the extent tha
the downturn causes a company to have losses, the LOSS variable in equation (3)
controls for this effect a the firm level. Table 4 shows that losses are indeed harder to
forecast than profits. But even after controlling for this effect, forecast errors are gresater
post-FD. Third, a recesson may cause a large decline in a company’s earnings, though
earnings may dill be postive. Our LOSS variable does not control for this posshility. To
control for this effect, we add a dummy variable called LDECLINE to the right hand sde
of equation (3). LDECLINE = 1, if the eps in the current quarter declines by 50% or more
relative to the same quarter of the previous year, and O otherwise. We then re-estimate
each of the 16 fixed effects regressons reported in Table 4. In dl 16 cases, the coefficient
of the LDECLINE vaiadle is podtive and datidicdly dgnificant a the 5% levd or
better. But the coefficient of the REGFD varigble remains postive and highly datidicaly
gognificant in dl cases, with only a smdl drop in the magnitude of the coefficient
estimate. To save space, these results are not reported in atable.

Fourth, the timing and magnitude of an economic downturn can aso vay across
industries. We use such variaion to separate the effects of the recesson and FD on the
accuracy of analyst forecasts. Using data from I/B/E/S, we compute the aggregate net
profits for each of the three post-FD quarters for each of the 11 I/B/E/S industry sectors
mentioned in section 5.3.3 above. We define an industry as experiencing a downturn in a
given quarter if profits decline by 10% or more rdative to the same quarter the prior
year.! We then estimate equation (6) separately for each of the three post-FD quarters
(rather than for the combined sample of the three quarters, asin section 5.3.3 above).

Table 6 shows for each industry, and for each of the three post-FD quarters, the
incidence of a downturn and the magnitude of dl changes in forecast accuracy, as
measured by the coefficients of b in equation (6). For each post-FD quarter, the first
column indicates (with a 'Y’) indudries that suffered a downturn. The next two columns
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report the coefficient b (only where satisticaly significant, to avoid duttering the table)
in equation (6) for individud anayst forecasts made during each of the two forecast
periods, the following two columns report the corresponding coefficients for the
consensus forecasts.

In the second post-FD quarter (ending March 2001), the incidence of an industry
downturn largely coincides with an increese in forecast errors. But the first and third
post-FD quarters dlow us to separate the effects of FD from possble effects of a
downturn. In the firs post-FD quarter (ending December 2000), the only industry that
auffered a downturn is consumer sarvices (SIG = 04). Andyds fallowing this industry
become certainly less accurate. But they adso become less accurate in finance (SIG = 01),
consumer non-durables (03), technology (08), and basic industries (09). In the third post-
FD quarter (ending June 2001), industries with SIG codes 01, 05, 07, 08, 09 and 11 suffer
a downturn. Of these, there is some evidence of an increese in forecast erors for
industries 01, 05, 08, and 11; there is no increase for industries 07 and 08. Furthermore,
there is an increase in forecast errors for three industries (SIG codes 03, 04 and 10) that
have no downturn. So Reg FD appears to have an effect even in indudtries that do not

suffer an economic downturn.

5.4.2 Control for forecast age

In tests involving individud andys forecadts in section 5.2, we have examined
the latest forecast made by an andys following a given company during a given forecast
period of roughly two months preceding a given quarter. As discussed in section 4.3, we
pick the latest forecast made by an andys during a forecast period to put al andysts
following a company on roughly equd footing regarding the age of their forecasts. But
this procedure does not control for differences in forecast age across andyds in the latest
forecasts made by them for a given company for a given quarter. In order to examine
whether this omission affects our results, we add a variable cdled AGE to the right hand
sgde of equation (3). AGE equds the number of days between the forecast date and the
dae of the actud eanings amouncement. We then re-estimate each of the eght
regressons in Pand A of Table 4. The AGE vaidble is postive and daidicdly

HThe results are qualitatively similar when we define a downturn asany declinein industry profits.
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sgnificant a the 5% leve or better in seven out of the eight regressons. However, the
ggn, magnitude and datidicd ggnificance of the REGFD dummy reman essentidly

unchanged. To save space, we do not present these results in atable.

5.4.3. Choice of forecast periods

In tests involving individud anadys forecadts in section 5.2, we have examined
the latest forecast made by an andys following a given company during eech of two
forecast periods (of approximately two months each) preceding a given quarter. As
discussed in section 4.3, this procedure increases the likelihood that an andyst will issue
a least one forecast during a given forecast period and to put dl andysts on a roughly
equa footing regarding the age of their forecasts. But this procedure does not make use
of al observations on forecasts issued by an andys following a given company. To see if
this procedure affects our results, we pool al forecasts made by an anays following a
company and re-estimate equation (3) after adding a forecast AGE variable on the right
hand sde. AGE equas the number of days between the forecast date and the date d the
actua earnings announcement. For each of the three quarters as wel as for the combined
sample, the coefficent of the REGFD varigble is postive, dightly bigger than in Pand A
of Table 4, and highly gatigticdly dgnificant. To save space, these results are not shown

in atable.

5.4.4 Choice of the normalizing variable

In the tests presented so far, we use the stock price to normalize forecast errors.
This avoids the problem of interpretation caused by the use of eps as the normdizing
variable, because eps is sometimes non-postive. A number of prior studies (such as
Butler and Lang (1991), Francis, Hanna and Philbrick (1997), Mikhail, Wadther and
Willis (1997), and Easterwood and Nutt (1999)) have dso used stock price to scae
earnings forecast errors.

However, Jacob, Lys and Nede (1999) point out that stock price has problems of

its own as a normdizing variable due to changes in sock vauation over time. So we use
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the consensus andys edtimate of sdes per share as an dternative vaiable to scae

forecast errors.*? These results are generally quite similar to those reported above.

6. Forecast dispersion

We next examine changes in the disperson of andys forecasts post-FD. Since a
company can no longer guide analysts to a precise ernings number, andysts now have to
rely on their individud andyses. This is likely to result in more disperse forecasts, unless
the rules are not effectively enforced or companies substitute more public disclosure for
private guidance to andydts.

We present the results of univariae tests in section 6.1 and fixed effects
regressons in section 6.2. Section 6.3 examines whether the results differ based on four

firm characterigtics.

6.1 Univariate tests

We compute the coefficient of variaion of anaysts forecasts of eps for company

j for forecast period t as

COVje=(sit/ [ Cit ), 8
where sjy and " Cj; equd, respectively, the standard deviation and the mean of the
forecasts of dl andyss following the company. Companies followed by two or fewer
analysts and companies with mean eps forecasts of $0.10 or lower are excluded.

Table 7 shows the mean and median COV vaues pre and post-FD for both
forecast periods for each of the three quarters. The post-FD period consists of the year
2000 for the quarter ended December 31, and the year 2001 for the two subsequent
quarters. The pre-FD period consists of the prior five years.

Table 7 pants a mixed picture. Columns 1 and 2 show tha following Reg FD,
the mean COV vdues decrease dgnificantly in two periods, increase significantly in one
period, and do not change Sgnificantly in the remaining three periods. Columns 4 and 5

show a somewha dmilar pattern.  The median COV vaues decrease Sgnificantly in

12\We normalize by the forecast, rather than actual, sales per share in order to maximize data availability.
Data on actual sales available in the I/B/E/S database are spotty in the early part of our sample period.
Obtaining sales data from Compustat also resultsin loss of firmsfrom the sample.
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three periods, increase sgnificantly in one period, and do not change sgnificantly in the
remaining two periods.

6.2 Fixed effectsregressions

We next edimae the following cross-sectiond time-series regresson of the

disperson of analyst forecasts:

COV;j; = by LOSSF;; + by REGFD;; + Uy, 9

where the indicator varigble LOSSF; =1 if the median of al andyst forecasts of eps for
company j in year t is negative; it equals zero otherwise. The indicator varidble REGFD;t
equals one for the post-Reg FD period (year 2000 for the December ending quarter and
year 2001 for March and June ending quarters), and zero otherwise. The sample period is
1995-2000 for the December ending quarter and 1996-2001 for the two subsequent
quarters. The sample includes dl companies in the I/B/E/S database that have a COV
observation post-FD and a least one COV observation pre-FD. The combined sample
pools observations from the three quarters.

In edtimating equation (9), we treat company effects as fixed. As in section 5.2,
we ae not interesed in explaining differences across firms in the norma levd of COV.
Instead, we focus on whether COV changes in response to Reg FD, after contralling for
the normd level of COV for each company over the sample period. The company fixed
effects estimate of equation (8) dlows us to do this. Once again, we control for potentia
differences for profit versus loss firms. Given the driking differences in forecast accuracy
of individud analysts across profit and loss firms observed in section 5.2 above, it is
natura to explore differences in forecast dispersion between the two groups of firms.

We edimate equation (9) separately for both forecast periods preceding each
quarter as well as for the combined sample of the three quarters. Table 8 shows that the
mean COV increases following Reg FD. The coefficent of the REGFD vaiddle is
postive in dl eight edimaions, it is daidicdly dgnificant in five cases corresponding to
the March and June ending quarters and for the combined sample of the three quarters.
Beginning in the second post-FD quarter, andysts start to become more dispersed in their
forecast behavior. For the firsd post-FD quater, andysts may ill have been relying on
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guidance they received from companies pre-FD. As the avalability of guidance dries up
post-FD, its effect starts to be felt.

As with forecast errors, the dispersion of forecasts is dso substantidly larger for
loss firms than for profit firms. The coefficient of the LOSS variddle is large, pogtive and
datidicaly dgnificant in adl eght regressons in the table. In section 6.3.4, we separately
andyze post-FD changes in forecast dispersion for profit vs. lossfirms.

6.3 Differential effects acrossfirms

We next examine if this effect differs based on four firm characteridics Sze,
andys following, indudsry, and for firms with profits vs losses In each case, we
edimate variants of equation (9) for the combined sample of the three quarters and use
the company fixed effects model.

6.3.1 Firm size effect
If smdl firms engaged more in selective disclosure pre-FD, the effect of Reg FD
should be more pronounced in such firms To examine this issue, we edimate the
following pand regression:
COV;j; = bisLOSSH; « SMALL;t + bps REGFD;; « SMALL;;
+ by LOSSFj« LARGE;; + by REGFD;; « LARGE; + 4y (10)

where the indicator varisble SMALLj; equas one if company j's market vaue of equity is
$200 million or lower in year t, and zero othewise. The indicator varidble LARGE;: = 1 -
SMALL;:. The other varidbles are as defined earlier in this section. The sample period for
thistest is 1996- 2001 because I/B/E/S data on stock prices beginsin 1996.

Pand A of Table 9 shows estimates of equation (10) for both forecast periods for
the combined sample of the three quarters. COV increases following Reg FD for both
andl and large firms, but the magnitude of the increase is much bigger for amdl firms in
both forecast periods. The null hypothesis of equdity of the coefficients of REGFD for
amall and large firms can be rgected at the .01 leve in both periods.
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6.3.2 Analyst following
We next examine whether post-FD changes in the disperson of andyst forecadts
differ for firms with less vs more andys following. We edimate the following pand
regresson:
COVjt = by, LOSSF;;« LESS;; + by REGFD;; « LESS;
+ byv LOSSF;; - MORE;j; + boy REGFD;; « MORE;: + Uy (112)

The indicator variable LESS; = 1, if company j is followed by four or fewer andyds in
year t; it equas zero otherwise. The indicator varidble MORE; = 1 - LESS;. The other
variables are as defined earlier in this section. The sample period is 1996-2001.

Panel B of Table 9 shows that forecast disperson increases following Reg FD for
firms with less andys following as wel as for more widdy followed firms. This effect

does not differ sgnificantly across the two groups of firms.

6.3.3 Industry effect
We next examine whether the effect differs across the various industry sectors.
We estimate the following pand regresson:
COVj; = é’{ (bax LOSSFj; « INDyjt + box REGFDj « INDyjt) + Uy (12)
k=1
where the industry indicator variable INDy; = 1, if the first two digits of company j's
I/B/E/S Sector/Industry/Group (S1/G) code equa 01; it equas zero otherwise. Similarly,
IND2t = 1 if company j belongs to SI/G code 02, and zero otherwise; etc. The other
variables are as defined earlier in this section. The sample period is 1995-2001.

Paned C of Table 9 shows that post-FD changes in the digperson of andyst
forecasts differ widdly across the 11 industry sectors. In both forecast periods, there is a
ggnificant increase in disperson for consumer durables, transportation, technology, basic
indudgtries and capitd goods, a dgnificant decrease in disperson for the energy sector;
and no dgnificat change for hedthcare, consumer non-durables, and public utilities. The
magnitude of the increase in digpersgon is paticularly driking for the consumer durables
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and technology sectors. The null hypothess that the coefficients of REGFD are equd
acrossdl the industries can be regjected at the .0001 level in both periods.

6.3.4 Profit vs. lossfirms

We next examine whether post-FD changes in the disperson of andys forecadts
differ for profit vs lossfirms. We esimate the following panel regression:

COVj; = by LOSS;t + by REGFD;; * LOSS;; + boy REGFD;; * NOLOSS;: + Yy (13)
where NOLOSS;: = 1 - LOSS;; and other variables are as defined earlier.

We find that forecast disperson increases pos-FD for both groups of firms.
While the magnitude of the increase is somewhat larger for loss firms than for profit
firms, the difference is not datidticdly sgnificat a the .05 level. These results are not
shown in atable.

7. Stability of analyst rankings

Findly, we examine changes in the dability of andys rankings from year to year
immediately following the adoption of far disclosure rules. As discussed in section 2.3,
rankings should become less varigble if andyds differ in thar research abilities and
companies favored different andysts over time pre-FD. Alternatively, rankings should
become more variable if pre-FD, companies followed a policy of consgtent preference
and favored inferior analysi(s). No change should be observed if companies followed a
policy of condgtent preference and favored superior andyst(s) pre-FD, or if dl andyss

are equdly good a research and companies favored different andysts over time pre-FD,
or if the rules are not effectively enforced.

We present the results of univariate tests in section 7.1 and fixed effects
regressons in section 7.2 We andyze extreme changes in andyst rankings in

consecutive yearsin section 7.3.

7.1 Univariatetests
We compute a change in the performance score of andyst | for forecast period t

DSCOREn = |SCORE|1; - SCOREi,t_ll (14)
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where SCORE;; = andyst i’s average performance score in year t. The performance score
of analys i following company | for forecast period t is calculated as
sjt = 100- {(rjjt—1) / (n«—1)}*100 (15)

where rjj; is the rank of andyst i following company j in year t and i is the number of
andyds following company j in year t. The most accurate andyst following company |
receives the rank of one. The average performance score of an andyst in a given year is
the average score across al companies followed by her.® This dgorithm for computing
SCORE follows Hong, Kubik and Solomon (2000), and takes into account differences
across anaysts in the number of companies covered and in the andyst coverage of those
companies* The sample excludes al companies that are followed by only one andyst
and dl analyss thet follow only one company.

The performance score smply converts an anadys’s raw rank to a percentile
ranking that takes into account the number of amdyds following a company. As an
example, for a company followed by 11 analydts, the top analyst gets a score of 100 using
equation (15), the andyst ranked 6 gets a score of 50 and the bottom anayst gets a score
of 0. The average performance score across dl companies followed by an andys is more
meaningful than the average of her raw ranks. Condder, for example, an andyst who
follows just two companies and is ranked 4 on each based on her forecast accuracy. Five
andyss follow company 1, while 26 follow company 2. Using eguation (15), her
performance score, s, works out to 25 for company 1 and 88 for company 2, for an
average score of 56.5. That denotes just dightly above-average performance. On the
other hand, her average rank is 4, which is not very informétive of her performance.

Table 10 shows the mean and median vaues of changes in andyds average
performance scores pre and post-FD. The post-FD period consists of changes from 1999
to 2000 for the quarter ending December 31, and from 2000 to 2001 for the two

13We analyze changes in average performance scores of analysts rather than changes in performance scores
for individual companies followed by them to reduce data requirements and to avoid the associated
selection issues.

14Cooper, Day and Lewis (2001) find that performance rankings of analysts based on the timeliness of their
forecasts are more informative than rankings based on forecast accuracy. Reg FD has important
implications about changesin analyst rankings based on forecast accuracy, but has no obviousimplications
about changesin rankings based on forecast timeliness. So we analyze ranking changes based on the former
measure rather than the latter.
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subsequent quarters. The pre-FD period consists of changes over 1995 to 1996 and 1997
to 1998 for the December 31 quarter, and over 1996 to 1997 and 1998 to 1999 for the two
subsequent quarters.

Table 10 shows that performance scores of andysts are farly unstable over time.
Column 1 shows that for the first forecast period for the December 31 quarter pre-FD, an
anayst's mean performance score changed by an average of 25.11 percentage points from
one year to the next. Pod-FD, performance is dill farly ungable from year to year,
though the ingtability abates a bit. Changes in mean performances scores reduce post-FD
in dl sx forecast periods examined;, the decrease is ddidicdly dgnificant a the 5%
level or better in the four forecast periods corresponding to the quarters ending March 31
and June 30. A dmilar picture emerges from an examinaion of median changes shown
in columns 4 and 5. Here there is a datidicadly Sgnificant decrease in year-to-year
performance score changes post-FD in five of the six forecast periods examined.

7.2 Fixed effectsregressions

We next examine this issue after controlling for andys fixed effects We edimae
the following cross-sectiond time series regresson:

DSCORE;; = by REGFD;; + Uy (16)

where the indicator variable REGFD;; equas one for the post-FD period (year 2000 for
the December ending quarter and year 2001 for March and June ending quarters), and
zero otherwise. The sample conssts of DSCORE observations over the years 1995-96,
1997-98 and 1999-2000 for the December ending quarter, and 1996-97, 1998-99 and
2000-2001 for the March and June ending quarters. It includes dl andydts in the I/B/E/S
database that have a DSCORE observation post-FD and at least one DSCORE observation
pre-FD. The combined sample pools observations from the three quarters.

We egstimate equation (16) for both forecast periods for each of the three quarters
and for the combined sample of the three quarters. The mode ignores rormd varigions
in score changes across andyds. Ingteed, it focuses on variation in score changes
following Reg FD, after controlling for the norma level of score change for eech andyst
over the sample period. Unlike the regressons in sections 5.2 and 6.2 above, the analysis
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here is @ the levd of an andyd rather than an andys-company or a company. So we
cannot control for potentia differences across profit and loss companies.

Columns 1 and 2 of Table 11 show a reduction in DSCORE following Reg FD for
eech of the three quarters examined; the effect is datidticaly sgnificant at the 5% leve
or better for the quarters ending March 31 and June 30. For the combined sample of the
three quarters, the reduction amounts to about 2.6 and 5 percentage points for the first
and second forecast periods, respectively; both are datigticaly significant at the 1% leve.
Analys rankings, on which the performance scores are based, become somewhat more
dable following the adoption of far disclosure rules. As discussed in section 2.3, this
finding is condgent with the joint propogtions that andysts differ in ther research
abilities and companies favored different andyds over time preFD. The former
propogition is conggtent with the findings of prior research (e.g., Sinha, Brown and Das
(1997)). The later behavior is consstent with a company’s desre to avoid dienating a
large group of its analysts, as would happen if it perssently favored just one or a sdect
few andyds. A company rdies on its andyds to generate and sudain inditutiond
interest in the stock and therefore has an incentive to maintain good relations with them.

7.3 Analysis of “flipping”

Findly we examine the incidence of extreme changes in the performance score of
an andyg from one year to the next. This happens when an andys “flips’ from being in
the top quartile of dl andysts in one year (based on her average performance score for a
given forecast period) to the bottom quartile the following year, or vice versa. A large
incidence of such dramatic changes in performance scores over consecutive periods
would indicate that andys rankings are not very meaningful. We compute the average
performance score of each andyst covering any set of two or more companies in two
consecutive years (not necessarily the same st of companies each year) for a given
forecast period. This average is computed across al the companies followed by an
andys. As in sections 7.1 and 7.2 above, companies followed by only one andyst are
omitted.

Table 12 shows the percentage of anayds that flip from being a top ranked
(quartile 4) andyst one year to being a bottom ranked (quartile 1) anadys the following
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year, or vice versa.  The post Reg FD period conssts of flipping from 1999 to 2000 for
the quarter ended December 31, and flipping from 2000 to 2001 for the two subsequent
quarters. The pre Reg FD period congsts of flipping from 1995 to 1996 and from 1997
to 1998 for the December 31 quarter, and from 1996 to 1997 and from 1998 to 1999 for
the two subsequent quarters.

Column 1 of Table 12 shows that pre-FD, about one-eighth of dl andyds flip
ranks from being in the top quartile one year to being in the bottom quartile the next yesr.
There is no dgnificant change in the proportion of flippers following Reg FD, except for
an incresse of 2.1 percentage points (from 10.73% to 12.83%) for the second forecast
period for the quarter ending June 30.

8. Summary and concluding remarks

This paper analyzes changes in the behavior and performance of sdl-sde equity
andyds following the October 2000 adoption of fair disclosure rules by the SEC. These
rules put severe redrictions on one-on-one communication between a company and the
andyds following it, and between the company and its investors. Generdly referred to
a Reg FD, these rules ban the practice of “sdective guidance’, where a company
provides future earnings and other crucid busness information to andysts and large
investors without smultaneoudy reeasing it to dl investors. Pushed by the then SEC
chairman Arthur Levitt, these rules are intended to level the playing field for dl investors.

We andyze forecasts of earnings for three quarters following the adoption of
these rules. We do a “before’ vs. “after” comparison, where the period before Reg FD
consgs of the average of the corresponding quarter over the previous three to five years.
We conduct univariate tests and perform pand regressons using the fixed effects model.
We dso invedtigate whether the effects differ based on firm characteristics such as size,
andyg following, indudry, and for firms with profits vs. losses.  The andyss is based
on alarge sample of public companies and the analysts following them.

We have three man findings. Fird, earnings forecasts become less accurae
following Reg FD, both & the levd of the individud andyst and a the consensus leve.
This effect is found both in univariae tets and in pand regressons controlling for
andys-company fixed effects. We provide detailled empirical evidence that suggedsts that
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this effect can not be entirdy attributed to the economic downturn during our post-FD
period. Second, individud andysts following a company are more dispersed in ther
earnings forecasts post-FD. This effect, while not evident in univariate tests, shows up
grongly in pand regressons that control for company fixed effects. Third, andyst
performance rankings become somewhat more dable following the adoption of far
disclosure rules. This effect is found both in univariate tests and in pand regressons that
control for anadys fixed effects However, we find no evidence of any more “flipping”,
where an andyst goes from being in the top quatile of dl anayss one year to the bottom
quartile the next year or vice versa, following Reg FD than before.

We find that andyst forecasts are less accurate in each of the three post-FD
quarters relative to their pre-FD benchmarks. But the increase in forecast disperson and
in the gability of andyst rankings is observed beginning only in the second quarter post-
FD; these effects are absent in the first post-FD quarter. A possible explanation for this
pattern is that in the firg pos-FD quarter, private information provided by managers to
andyss may dill have been out there. With the passage of time, private information
gartsto dry out and the rules start to have an effect.

We find that the decrease in forecast accuracy post-FD is more pronounced for
gndl firms less followed firms, firms with losses, and firms in technology and consumer
savices sectors. Smilaly, the increese in forecast disperson is bigger for amdl firms
and firms in technology and consumer durables sectors. These findings are consstent
with the notion that the practice of sdective disclosure was more prevdent in these
sectors.

To summarize, we find that post-FD, andysts become less accurate and more
dispersed in ther forecasts, and ther performance rankings become somewhat more
dable. These findings are conagent with a reduction in sdective guidance following the
adoption of fair disclosure rules.

While this research has examined changes in the behavior and performance of
«l-9de andyds, it will dso be interesting to look a changes in the behavior of
companies, as well as the response of investors and stock prices to the new regulatory
environment. For example, do companies subgtitute public disclosure of forward-looking
eanings-relevant information for private disclosure via andyss? How does informed
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trading before earnings announcements change? An andyss of longer-run effects of Reg
FD will dso be interesting. Detaled knowledge of the long history of interactions
between andyds and companies will be useful in putting the effects of the new rules in
perspective. For ingtance, how old is the practice of sdective earnings guidance? How
was information transmitted from companies to anadyds to investors before that? And
how does the post-FD equilibrium differ from the pre-sdective guidance days? All of

these are interesting questions for future research.
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Tablel
Sample sizes

The table shows the number of individuad and consensus forecasts on the I/B/E/S database for
the quarter ended December 31, 2000 that satisfy various data requirements. Column 1 for row 2
is for the latest forecast made by individuad andyss during August 10-October 22, 2000 for the
quarter ending December 31, 2000; column 2 for row 2 isfor the latest consensus forecasts.

Number of forecasts
Individua
Andyst Consensus
1. All forecagts for the quarter ending December 31, 2000 73,851 45,407
2. Latest forecasts made during August 10-October 22, 10,104 3,984
2000 for the quarter ending December 31, 2000
3. Item 2 with actud epsavailable 9,544 3,440
4. Item 3 with stock price available 8,516 2,585
5. Item 4 with stock price of $1 or more 8,461 2,581




Table2
Individual analyst forecast errorsnormalized by stock price around Reg FD

The table shows normalized forecast errors for andyst i following company | for forecast period t, caculated as:

NFEj: =|gt- &iit |/ p
where g = earnings per share (eps) for company j for quarter t; € - estimate of @ by andys i; and [ = the latest stock price in the
I/B/E/S database for company j within a given time window. For each window, the latest eps estimate made by an andyst is used.
Companies with stock price under $1 are excluded.

Mean Median Sample 5ze

Forecast for Period Wilcoxon | (# Andyst-companies)

Latest Forecast madeduring | Pre!  Post! p-vdue® | Pre!  Postt p-vdue? | Pret Post!
Quarter ended Dec. 31

Aug. 10— Oct. 22 .0088 .0133 <.0001 |.0018 .0018 25 18,603 8,461

Oct. 23—-Jan. 10 0068 .0119 <.0001 |.0011 .0010 04 21,560 10,837
Quarter ended March 31

Oct. 23-Dec. 22 .0082 .0188 <.0001 |.0019 .0033 <.0001 | 10,980 5,373

Dec. 23-Feb. 22 0048 .0069 <.0001 |.0012 .0016 <.0001 | 20,144 9,598
Quarter ended June 30

Feb. 1-March 31 0071 .0106 <.0001 |.0018 .0031 <.0001 16,318 6,893

April 1-May 31 0067 .0077 .22 0012 .0013 .019 23,237 12,732

The “Post” Reg FD period consists of the year 2000 for the quarter ended December 31 and 2001 for the other two quarters. The “Pre’
Reg FD period congists of the average across dl unique analyst-company pairs over the three prior years.

2P-values are based on 2-tailed tests.



Consensusforecast errorsaround Reg FD, normalized by stock price

Table3

The table shows normalized consensus forecast errors for company | for forecast period t, caculated as.

with stock price under $1 are excluded.

NFE: =|&c- &t |/ pi
where g; = earnings per share (eps) for company j for quarter t; €;; - median of al andyst esimates of g;; and p; = the latest stock price in
the 1/B/E/S database for company j within a given time window. In each window, the latet median estimate of eps is used. Companies

Mean Median Samplesze

Forecast for Period Wilcoxon | (# Companies)

Latest forecast madeduring | Pre! Post! p-vdue® | Pre! Post! p-vdue® | Pre!  Post
Quarter ended Dec. 31

Aug. 10— Oct. 22 0183 .0202 .424 .0040 .0031 <.0001 3,719 2,581

Oct. 23—-Jan. 10 0134 .0209 .031 .0023 .0020 .0008 3,893 2,531
Quarter ended March 31

Oct. 23-Dec. 22 0119 .0276 <.0001 |.0033 .0045 <.0001 3,455 2,185

Dec. 23-Feb. 22 0099 .0196 <.0001 |.0024 .0029 .0196 3,735 2,307
Quarter ended June 30

Feb. 1-March 31 0135 .0216 .007 0035 .0049 <.0001 3,713 2,182

April 1-May 31 0149 .0135 .59 0025 .0023 .0004 3,880 2,496

The “Post” Reg FD period consists of the year 2000 for the quarter ended December 31 and 2001 for the other two quarters. The “Pre”

Reg FD period consists of the average across dl consensus forecast errors for each company over the three prior years.

2P-values are based on 2-tailed tests.




Table4
Fixed effectsregressions of forecast errorsnormalized by stock price

Pand A shows the estimated coefficients, t-statistics and adjusted R? values from the following
Ccross-sectiond time series regresson:

NFEijt =b LOSSjt + by REGFDijt + Ujt

where NFEj; = | gt~ €t | / pt; g = earnings per share (eps) for company j for quarter t; €ijjt -
estimate of @ by andys i; and g = the latest dock price in the I/B/E/S database for company |
within a given time window. The indicator varisble LOSS;; =1 if <0; it equas zero otherwise.
The indicator varidble REGFD;; equas one for the post-Reg FD period (year 2000 for the
December ending quarter and year 2001 for March and June ending quartersg, and zero
otherwise. The regresson treats andyst-company effects as fixed. The reported R® vdues are
based on overdl variation within and across andys-company pairs. The sample period is 1997-
2000 for the December ending quarter and 1998-2001 for the two subsequent quarters. The
sample includes dl company-andyst pairs in the I/B/E/S database that have a NFE observation
post-FD and at least one NFE observation pre-FD. For each window, the latest eps estimate
made by an analyst is used. Companies with stock price under $1 are excluded. Pand B shows
corresponding regressions for the consensus forecasts where company effects are treated as
fixed. The combined sample pools observations from the three quarters.



Table 4 (cont.)

Forecast for period _ Sample | p-vaue
Latest forecast madeduring | 5, |t5y | Ba |t(By |K |57 | of Ftes
A. Individual analyst for ecasts
Quarter ended Dec. 31
Aug.10 — Oct. 22 .052| 12.57% | .009 | 6.00% |.041 | 7,978 | <.0001
Oct. 23 —Jan. 10 .027| 7.18* | .007 | 4.64* | .011 | 10,555 | <.0001
Quarter ended March 31
Oct. 23 — Dec. 22 .018(9.73* |.005 |6.39° |.079 | 3,303 | <.0001
Dec. 23— Feh. 22 012 | 26.25% | .002 | 8.76* | .115 | 10,898 | <.0001
Quarter ended June 30
Feb. 1 —March 31 .017 | 22.08* | .003 | 9.89° |.159 | 6,140 | <.0001
April 1—May 31 011 | 14.56% | .002 | 4507 |.026 | 15,961 | <.0001
Combined Sample
Forecast period 1 .030(17.33% | .006 |8.98% |.037 |17,421 | <.0001
Forecast period 2 .015( 14.27% | .003 | 6.99° | .012 | 37,414 | <.0001
B. consensus for ecasts
Quarter ended Dec. 31
Aug. 10— Oct. 22 .051 | 13.09* | .009 | 5.10° |.045 | 6,516 | <.0001
Oct. 23 —Jan. 10 049 | 857% | .014 | 5.34* | .022 | 6,928 | <.0001
Quarter ended March 31
Oct. 23 — Dec. 22 024 | 8.44% | .012 | 8.45% |.048 | 5,748 | <.0001
Dec. 23— Feh. 22 .017| 6.79% | .009 |6.97° |.031 | 6,444 | <.0001
Quarter ended June 30
Feb. 1 —March 31 .025| 10.1% | .009 |7.21* |.045 | 6,177 | <.0001
April 1—May 31 .019| 7.17% | .006 | 457* |.021 7,165 | <.0001
Combined Sample
Forecast period 1 029 | 18.43%* | .010 | 11.8° | .045 | 18,441 | <.0001
Forecast period 2 025 12.17% | .010 | 9.08* |.022 | 20,537 | <.0001

*Denotes Satidticd sgnificance a the 1% leve in two-tailed tests.




Tableb

Fixed effectsregressions of forecast errorsfor the combined sample of thethree quarters,
partitioned by firm size, analyst following and industry sector

The table shows the estimated coefficients, t-statistics and adjusted R values from cross-
sectiond time seriesregressions. Part | of Pands A, B, and C show, respectively, the results from
models (1), (2) and (3) below for individua andyst forecadsts.

(1)  NFEj = bysLOSS;: - SMALLjj; + bos REGFDyjt » SMALLj
+ Iy LOSS;t» LARGE;; + bp, REGFDjj; - LARGE;; + Uy

(2) NFE”'[ = b1|_ LOSSjt* LESSJt + b2|_ REGFDJt * LESSJt
+ bim LOSSjt* MOREijt + bom REGFDijt * MOREijt + Ujt

11
3 NFEj;= & (b LOSS;:~ INDyijt + box REGFDjt « INDyiji)+ Ut

k=1

where NFEj; =] gt~ €t | / pt; g = earnings per share (eps) for company j for quarter t; €ijt -
estimate of & by analyst i; and g = the latest stock price in the I/B/E/S database for company |
within a given time window. The indicator varisble LOSSj: = 1 if @<O0; it equas zero otherwise.
The indicator varidble REGFD;; equals one for the post-Reg FD period (year 2000 for the
December ending quarter and year 2001 for March and June ending quarters), and zero
othewise. The indicator varidble SMALL;;; = 1 if company j's market vaue of equity is $200
million or lower in year t; it equals zero othewise. The indicator varisble LARGEj;; = 1 -
SMALL;;t. The indicator varigble LESS;jt = 1, if company j is followed by four or fewer analysts
in year t; it equals zero otherwise. The indicator varisble MOREj; = 1 - LESSj;. The industry
indicator varigble INDyjr = 1, if the first two digits of company j's I/B/E/S Sector/Industry/Group
(S1/G) code equds 01, it equals zero otherwise. Similarly, INDyjx = 1 if company j belongs to
SI/G code 02, etc. The sample period is 1997-2001. The dataset combines observations from the
December, March, and June ending quarters. The regresson treats andyst-company effects as
fixed. The reported R? vaues are based on overal vaiation within and across analyst-company
pars. The sample includes al company-analyst pairs in the I/B/E/S database that have a NFE
observation post-FD and at least one NFE observation pre-FD. For each window, the latest eps
esimate made by an anays is used. Companies with stock price under $1 are excluded. Part Il
of each pand shows corresponding regressions for the consensus forecasts.



Table5 (cont.)
Pand A: Resaults partitioned by firm sze

L atest forecast made during Sample
Sub-sample 6. lthn | ba | t(ha R> |Sz p(F-test)! | p(F-test)?

|. Individual analyst forecasts

Forecast period 1
Small firms .053 | 16.47* | .026 | 10.20°

Largefirms 022 | 12.64% | .004 | 5.29* |.061 | 17,421 | <.0001 <.0001

Forecast period 2

Small firms .038| 18.32%| .018 | 10.022
Largefirms .008| 813%|.001 | 2.77* | .035 | 37,414 | <.0001 <.0001
Il1. Consensus forecasts

Forecast period 1
Small firms 047 | 21.24% | .025 | 13.19°

Largefirms .016| 8.62% |.005 | 4.91° | .072 | 18,441 | <.0001 <.0001
Forecast period 2
Small firms 041 | 14.96* | .029 | 12.42°

Largefirms .009| 4.12° | .003 | 2.19° |.042 | 20,537 | <.0001 <.0001

'For the null hypothesis thet al estimated coefficients equal zero.
2For the null hypothesis that the coefficient b, is the same for each sub-group.

#Denotes satistica significance at the 1% leve in two-tailed tests.




Table 5 (cont.)
Pand B: Results partitioned by analyst following

L atest forecast made during _ Sample | p-vaue p-vaue
-~ ~ ~ ~ i 1 2

Sub-sample b |tbn | bo |thny |R |52 |of Ftet! |of Ftest
l. Individual analyst forecasts
Forecast period 1

Less followed firms 023 | 9.21* | .009 | 6.89%

Widely followed firms -.003| -2.40° | .007 | 7.84% |.022 | 17,421 | <.0001 144
Forecast period 2

Less followed firms 010 | 6.34% | .007 | 6.75%

Widely followed firms -.003| -3.83% | .003 | 5.86% |.010 | 37,414 | <.0001 .001
[I. Consensus forecasts
Forecast period 1

Less followed firms 031 | 17.95% | .011 | 11.08°

Widely followed firms 025 | 9.43%|.008 | 4.99* |.046 | 18,441 | <.0001 142
Forecast period 2

Less followed firms 028 | 12.42% | .014 | 9.712

Widely followed firms 017 | 6.14% | .005 | 3.17% | .024 | 20,537 | <.0001 .0001

'For the null hypothesis thet al estimated coefficients equal zero.

2For the null hypothesis that the coefficient b, is the same for each sub-group.

abehenote satistical significance at the 1%, 5% and 10% levels, respectively, in two-tailed tests.




Table5 (cont.)
Panel C: Results by industry sector

L atest forecast made during _ Sample | p-vaue p-vaue

Industry (S1/G2) b |thn | bo t(hy | | S% | of Ftes" | of F-tes”
|. Individual analyst forecasts
Forecast period 1

Finance (01) 255 | 26.48% | .010 4.44°

Healthcare (02) 016 | 2.64* | .0004 | 0.22

Consumer non-durables (03) | .051 | 6.49% | .007 2.15°

Consumer services (04) 021 | 3.68% | .009 4592

Consumer durables (05) .070 | 8.14% | .010 2.80°

Energy (06) 015 | 3.00* |-.0002 | -0.12

Transportation (07) 043 | 5.44% | .003 0.78

Technology (08) 015 | 5.91% | .006 4.222

Basic industries (09) 027 | 5.05% |.020 7.75°

Capital goods (10) 025 | 228°|.003 |1.25

Public utilities (11) .002 | 0.15 | .000 0.01 | .079 | 17,204 | <.0001 <.0001
Forecast period 2

Finance (01) .089 | 15.31% | .001 0.82

Healthcare (02) 014 | 392* [-.001 |-0.97

Consumer non-durables (03) | .029 | 4.98% | .003 141

Consumer services (04) 009 | 251° | .007 5.55°

Consumer durables (05) 043 | 6.91% | .002 0.86

Energy (06) 007 | 2.30° |-.001 |-0.41

Transportation (07) 027 | 6.13% | .003 1.07

Technology (08) 007 | 4.92% | .006 5.99%

Basic industries (09) .009 | 2.87% | .003 1.63

Capital goods (10) 023 | 3.89* | .001 0.42

Public utilities (11) 004 | 0.52 | .006 2.84% | .023 | 37,052 | <.0001 <.0001




Panel C: Resultsby industry sector (cont.)

Table5 (cont.)

L atest forecast made during _ Sample | p-vdue | p-vdue

Industry (S1/G2) b: |tby | B2 t (b2 R® |[Sze | of F-test’ | of F-test?
I1. Consensus for ecasts
Forecast period 1

Finance (01) 169 | 19.28% | .015 5.61%

Healthcare (02) 016 | 327* |.002 |071

Consumer non-durables (03) | .030 | 3.51* | .005 1.13

Consumer services (04) 014 | 3.06% | .019 9.10%

Consumer durables (05) 034 | 3.30% | .014 2.822

Energy (06) 019 | 3.29% | -.0003 | -.09

Transportation (07) 044 | 3.82% | .006 0.94

Technology (08) 024 | 962* | 012 | 7.012

Basic industries (09) 046 | 6.57% |.018 4.59°

Capital goods (10) 054 | 7.16% |-.001 |-.18

Public utilities (11) .007 | 0.63 | .005 1.17 .059 | 18,201 | <.0001 <.0001
Forecast period 2

Finance (01) 228 | 19.64% | .016 4.82°

Healthcare (02) 014 | 235" | .002 |056

Consumer non-durables (03) | .023 | 1.98° | .004 0.68

Consumer services (04) 010 | 1.74° | .020 7.49%

Consumer durables (05) 027 | 1.98° | .008 1.25

Energy (06) 020 | 2.74* | -.000 |-.00

Transportation (07) .039 | 3.15% | .003 0.41

Technology (08) 018 | 589 | .013 | 5.922

Basic industries (09) 020 | 2.40° | .007 | 156

Capital goods (10) 027 | 2.81° | .003 |077

Public utilities (11) .005 | 040 |.007 131 .031 | 20,232 | <.0001 <.0001




Table6
Post-FD economic downturn and changesin forecast accuracy by industry and quarter

The table shows the incidence of an economic downturn and changes in forecast accuracy for each post-FD quarter and for each I/B/E/S 2
digit S1/G industry sector. For each post-FD quarter, the fird column indicates (with a ‘Y’ ) indudtries that suffered a downturn, defined
as a dedine of 10% or more in the aggregate net profits for the industry relative to the same quarter the prior year. The next two columns
report the coefficient ho (only where saigicaly significat) from the following cross-sectiond time series regresson for individud
andyst forecasts made during each of the two forecast periods, the following two columns report the corresponding coefficients for the
consensus forecasts.

11
NFEj= & (b LOSS;t+ INDyijt + box REGFDjjt « INDyijt)+ it

k=1

where NFEj: = | gt - €ijt | / pt; gt = earnings per share (eps) for company j for quarter t; €ij; - estimate of g; by andlyst i; and p; = the latest
gtock price in the I/B/E/S database for company j within a given time window. The indicator varigble LOSSj; = 1 if <0; it equas zero
othewise. The indicator variable REGFD;jr equals one for the post-Reg FD period (year 2000 for the December ending quarter and year
2001 for March and June ending quarters), and zero otherwise. The indudry indicator varigble INDyjr = 1, if the first two digits of
company j's I/B/E/S Sector/Industry/Group (S/1/G) code equas 01; it equals zero otherwise. Similarly, IND2jr = 1 if company j belongs to
SI/G code 02, etc. The sample period is 1997-2001. The sample includes al company-analyst pairs in the I/B/E/S database that have a
NFE observation post-FD and a least one NFE observation pre-FD. For each window, the latest eps estimate made by an andys is used.
Companies with stock price under $1 are excluded. The regression treats andyst-company effects as fixed.



Table 6 (cont.)

Post-FD Quarter
December 2000 March 2001 June 2001
Do 62 Do 62 Do 62
wn — wn — wn —
Industry (S/1/G2) wr Individual Consensus o Individud Consensus r Individud Consensus
m Andyds m Andyds m Andyds
Forecast period Forecast period Forecast period
1 2 1 2 1 2 1 2 1 2 1 2
Finance (01) .016% .018* | .0307 Y -.002° |.012
Hedlthcare (02)
Consumer non-durables (03) .013° | .013% .003°
Consumer Services (04) Y |[.012° .012% |.021* |Y |.008%|.003%|.024%| .021° .004% |.004% |.02% |.017%
Consumer durables (05) Y |.011° .017° Y |.003°
Energy (06) -.002°
Transporation (07) Y .001° Y
Technology (08) .0132|.008° |.014* |[Y |.008%|.004%|.017%|.015%|Y |.006% |.002* |.011%|.009%
Basic Industries (09) .0322 0222 Y |.008°|.002° | .025" Y
Capital Goods (10) .004%
Public Utilities (11) Y Y 0122 .012°

abe Denotes statistical significance at the 1%, 5% and 10% levels, respectively, in two-tailed tests.




Table7
Dispersion of analyst forecasts around Reg FD

The table shows the coefficient of varigtion (COV) of anayst forecasts. For company | for forecast period t, COVjt = (Sjt / [ C jt [), where
sjt and " Cj; equd, respectively, the standard deviation and the mean of the forecasts of dl andysts following the company. For each

window, the latest forecast made by each andyst is used to compute s and” C. Companies followed by two or fewer andyss and
companies with mean eps forecasts of $.10 or lower are excluded.

Mean Median Samplesze

Forecast for Period Wilcoxon | (# Companies)

Latest forecast madeduring | Pre!  Post! p-vdue? | Pre!  Post! pvdue® | Pret  Postt
Quarter ended Dec. 31

Aug. 10— Oct. 22 1177 1050 .038 0628 .0510 <.0001 |3,318 1,517

Oct. 23—-Jan. 10 1221 1069  .016 0614 .0511 <.0001 |4,048 1,870
Quarter ended M arch 31

Oct. 23-Dec. 22 1081 .1040 .45 0584 .0615 .84 2,544 1,098

Dec. 23-Feb. 22 1000 .0979 .66 0541 .0480 .002 |3,272 1524
Quarter ended June 30

Feb. 1-March 31 1024 .1104  .088 0524 0590 .088 |3,263 1,312

April 1-May 31 0988 .1019 .53 0523 .0507 .66 3,837 1,883

The “post” Reg FD period consists of the year 2000 for the quarter ended December 31, and the year 2001 for the two subsequent
quarters. The“pre” Reg FD period conssts of the prior five years.

2P-values are based on two-tailed tests.



Table 8
Fixed effects regressions of dispersion of analyst forecasts

The table shows the estimated coefficients, t-statistics and adjusted R vaues from the following
cross-sectiona time series regression:

COV;jt = by LOSSFj; + b, REGFDyt + Yt
where COV;; is the absolute vaue of the coefficient of varigion 6 / [C [); s and” C equd the
gandard deviation and the mean of the forecasts of eps by dl andysts following company j in
year t. For each window, the latest forecast made by each andyst is used to compute s and” C.
The indicator variable LOSSF; =1 if the median of dl analyst forecasts of eps for company j in
year t is negative; it equas zero otherwise. The indicator varisble REGFD;; equals one for the
post-Reg FD period (year 2000 for the December ending quarter and year 2001 for March and
June endin% quarters), and zero otherwise. The regresson treats company effects as fixed. The
reported R° vaues are based on overdl variaion within and across companies. The sample
period is 1995-2000 for the December ending quarter and 1996-2001 for the two subsequent
quaters. The sample includes dl companies in the I/B/E/S database that have a COV
observation post-FD and at least one COV observation pre-FD. Companies followed by two or
fewer andysts or with mean eps forecasts of $0.10 or lower are excluded. The combined sample
pools observations from the three quarters.

Forecast for period _ p-vaue
Latest forecast madeduring | p. | 4(5,) | b2 | t(b2) R Sample | of F-test
Sze

Quarter ended Dec. 31

Aug.10 — Oct. 22 213 | 10.85% | .003 | .572 | .033 4559 | <.0001
Oct. 23 —Jan. 10 311 | 22.60% | .003 | .714 | .103 5,944 | <.0001
Quarter ended March 31
Oct. 23 —Dec. 22 104 | 3.85%|.012 | 2.58% | .012 2,521 | <.0001
Dec. 23 -Feb. 22 209 | 15.11% | .003 | .643 | .059 4,929 | <.0001
Quarter ended June 30
Feb. 1 —March 31 202 | 11.19% | .015 | 3.79% | .047 3,947 | <.0001
April 1—May 31 171 | 10.95% | .013 | 3.16* | .029 6,037 | <.0001
Combined Sample
Forecast period 1 191 | 17.53% | .009 |3.88% |.032 | 11,027 | <.0001
Forecast period 2 238 | 27.70° | .006 | 2.92° | .061 | 16,910 | <.0001

#Denotes statistica significance at the 1% leve in two-tailed tests.



Table9

Fixed effectsregressions of dispersion of analyst forecasts for the combined sample
of thethree quarters, partitioned by firm size, analyst following and industry sector

The table shows the estimated coefficients, t-statistics and adjusted R values from cross-
sectiond time series regressions. Panels A, B, and C show, respectively, the results from modds
(1), (2) and (3) below.

(1)  COVj = bysLOSSFj~ SMALL;; + bos REGFDy « SMALL;;
+ Iy LOSSF+ LARGE;; + by, REGFD;; - LARGE;; + Ut

(2) COVjt =by LOSSth * LESSt + by REGFDjt * LESSt
+ by LOSSF;; « MORE; + bay REGFD;, - MORE; + U
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(3) COVjt = é (blk LOSSth * |Nijt + bok REGFDjt * |Nijt) + Ut

k=1

where COVj; is the absolute vaue of the coefficient of varigtion € / [C[); s and’ C equd the
gandard deviation and the mean of the forecasts of eps by dl andyds following company j in
year t. For each window, the latest forecast made by each anays is used to compute s and™ C.
The indicator varidble LOSSF; =1 if the median of dl andyst forecasts of eps for company j in
year t is negdive; it equas zero otherwise. The indicator variable REGFD;; equals one for the
post-Reg FD period (year 2000 for the December ending quarter and year 2001 for March and
June ending quarters), and zero otherwise. The indicator varidble SMALL;: = 1 if company j's
market vaue of equity is $200 million or lower in year t; it equas zero otherwise. The indicator
variadble LARGE;: = 1 - SMALL;. The indicator variable LESS; = 1, if company j is followed by
four or fewer andyds in year t; it equas zero othewise. The indicator variable MORE; = 1 -
LESS;:. The indudry indicator variable INDyt = 1, if the first two digits of company j's I/B/E/S
Sector/Industry/Group (S1/G) code equals 01, it equals zero otherwise. Similarly, INDyj; = 1 if
company j belongs to S/1/G code 02, etc. The sample period is 1996-2001 in Pands A and B and
1995-2001 in Pand C. The dataset combines observations from the December, March, and June
ending quarters. The regression treats company effects as fixed. The reported R values are based
on ovedl vaidion within and across companies. The sample includes dl company-andys pairs
in the I/B/E/S database that have a COV observation post-FD and at least one COV observation
pre-FD. Companies followed by two or fewer andysts or with mean eps forecasts of $0.10 or
lower are excluded.



Table 9 (cont.)

Panel A: Results partitioned by firm size

L atest forecast made during -, Sample | p-vdue . p-vaue ,
Sub-sample b: |ty | b2 |tb2) |R Sze of F-test™ | of F-test
Forecast period 1
Small firms 151 | 8.32%|.042 | 3.70°
Largefirms 147 | 10.71% | .011 | 3.69* | .072 | 6,858 | <.0001 .008
Forecast period 2
Small firms 145 | 9.49% | .060 | 5.62°
Largefirms 218 | 20.06% | .005 | 1.68° |.049 | 10,084 | <.0001 <.0001
Pand B: Results partitioned by analyst following
L atest forecast made during _ Sample | p-vdue . p-vaue ,
Sub-sample b |tby) | b2 |tpy) |R | Sz of F-test! | of F-test
Forecast period 1
Less followed firms -.007 | -0.65 | .015 | 3.95°
Widely followed firms -.023 | -6.12% | .013 | 2.98% | .024 |6,858 | <.0001 .629
Forecast period 2
Less followed firms 012 1.35 | .007 | 1.65°
Widely followed firms -.013 | -3.24% | .014 | 3.67% | .022 |10,084 | <.0001 .302

YFor the null hypothesis thet dl estimated coefficients equal zero.

2For the null hypothesis that the coefficient b, is the same for each sub-group.

abehenote statistical significance at the 1%, 5%, and 10% levels, respectively, in two-tailed tests.




Panel C: Results by industry sector

Table 9 (cont.)

L atest forecast made during _ Sample | p-vdue p-vaue

Industry (S1/G2) br |6 | B2 |tbho) R? Sze of F-test! | of F-test?
Forecast period 1

Finance (01) 012 | 1.73°

Healthcare (02) 137 | 2.96%|.000 | 0.02

Consumer non-durables(03) | .171 | 3.89% | -.009 | -0.83

Consumer services (04) -00 [-01 |.013 | 1.84°

Consumer durables (05 214 | 3.24%|.059 | 4.79°

Energy (06) 191 | 7.60* | -.073 | -8.64%

Transportation (07) 577 | 12.98% | .025 | 1.85°

Technology (08) 109 | 5.33%|.044 | 7.09%

Basic industries (09) 191 | 6.63%|.023 | 2.53°

Capital goods (10) 368 | 6.27%|.022 | 2.40°

Public utilities (11) .008 | 0.15 |-.014| -1.23 | .060 | 10,752 | <.0001 <.0001
Forecast period 2

Finance (01) 282 | 2.98%|.004 | 0.74

Healthcare (02) 281 | 9.12%|-.000| -0.05

Consumer non-durables (03) | .349 | 8.56%|.010 | 0.94

Consumer services (04) .088 | 2.61*|.005 | 0.84

Consumer durables (05) 541 | 14.03% | .057 | 4.76%

Energy (06) 197 | 9.15% | -.065 | -7.65

Transportation (07) 154 | 6.05%|.030 | 2.36°

Technology (08) 159 | 10.61% | .020 | 3.29%

Basic industries (09) 165 | 9.29% | .018 | 2.22°

Capital goods (10) .386 | 10.44% | .029 | 3.45%

Public utilities (11) 146 | 359%|-.015| -1.61|.072 | 16,492 | <.0001 <.0001




Table 10
Changesin analyst performance scores around Reg FD

The table shows changesin performance rankings of andyst i for forecast period t, caculated as
DSCORE;; = |SCORE;; — SCORE; ;-1],

where SCORE;; = andys i's average performance score in year t. The performance score of andys i following company j for forecast
period t is calculated as §¢ = 100- {(rijt =1) / (Nt —1)}*100, where &t is the rank of analyst i following company j in year t, and 1 is the
number of anaysts following company j in year t. The most accuraie andys following company j receives the rank of one. The average
performance score of an andys in a given year is the average score across al companies followed by her. For each window, the forecast
included for each andyd is the latest forecast made by her during the window. The sample excludes dl companies that are followed by

only one andys and al andlysts that follow only one company.

Mean Median Samplesze

Forecast for Period Wilcoxon (# Andysts)

Latest Forecast madeduring | Pre'  Post! pvdue? | Pret  Post! pvdue? | Pret Post!
Quarter ended Dec. 31

Aug. 10 — Oct. 22 2511 2396 .0910 20.83 18.83 0031 | 1,777 1,637

Oct. 23— Jan. 10 21.21 21.18 .9633 16.67 16.67 5210 | 2,146 1,795
Quarter ended March 31

Oct. 23-Dec. 22 30.01 27.40 .0048 26.04 2361 .0029 | 1,199 993

Dec. 23-Feb. 22 23.07 21.39 .0093 18.16 1584  .0003 | 1,869 1,583
Quarter ended June 30

Feb. 1-March 31 26.16 24.25 .0078 2220 1982 .0038 | 1,670 1,375

April 1-May 31 21.39 19.53 .0008 17.08 15.00 <.0001 | 2,061 1,777

The “post” Reg FD period consists of change in average scores of anaysts between the years 1999 and 2000 for he quarter ended
December 31; it congsts of the years 2000 and 2001 for the two subsequent quarters. The column for the “pre” Reg FD period shows the
change in average scores of andysts in 1995-96 and 1997-98 for the December 31 quarter and the years 1996-97 and 1998-99 for the two

subsequent quarters.

2P-vaues are based on two-tailed tests.




Table 11
Fixed effects regressions of changesin analyst perfor mance scor es

The table shows the estimated coefficients, t-statistics and adjusted R? vaues from the following
Cross-sectiond time series regression:
DSCORE;; = by REGFD;; + Ut

where DSCORE;; = | SCORE;; — SCORE;;.1 |; and SCORE;; = andys i’s performance score in
year t. The indicator varidble REGFD;; equals one for the post-Reg FD period (year 2000 for the
December ending quarter and year 2001 for March and June ending quarters), and zero
otherwise. The regression treats analyst effects as fixed. The reported R? values are based on
ovedl variation within and across andysts. The sample condsts of DSCORE observations over
the years 1995-96, 1997-98 and 1999-2000 for the December ending quarter, and 1996-97, 1998-
99 and 2000-2001 for the March and June ending quarters. The sample includes al andydts in
the I/B/E/S database that have a DSCORE observation post-FD and a least one DSCORE
observation pre-FD. The sample excludes dl companies that are followed by only one andyst
and dl andydss that follow only one company. The combined sample pools observations from
the three quarters.

Forecast for period _ Sample
Latest forecast made during | 5, t(hy) | R Sze
Quarter ended Dec. 31
Aug.10 — Oct. 22 -.366 |-.61 |-.0001 | 4,336
Oct. 23—-Jan. 10 -464 | -.96 | .000 5,078
Quarter ended March 31
Oct. 23 - Dec. 22 -213 | -2.23°| .0028 | 2,197
Dec. 23 -Feh. 22 -1.68 | -2.98%| .0027 | 4,211
Quarter ended June 30
Feb. 1—March 31 -1.83 | -2.72%| .0028 | 3,418
April 1—May 31 -2.88 | -4.75%| .0060 | 4,966
Combined Sample
Forecast period 1 -1.27 | -2.64%| .0013 | 9,951
Forecast period 2 -1.46 | -4.96%| .0024 | 14,255

abDenote satistica significance at the 1% and 5%, levels, respectively, in two-tailed tests.



Table 12

Changesin analyst performance scor es between top and bottom quartiles
around Reg FD

The table shows the proportion of dl anayss covering two or more companies in two
consecutive years whose average performance scores for a given forecast period “flipped” from
the top quatile of al anayds to the bottom quartile or vise versa over the two years. The
performance score of andyst i following company | for forecast period t is calculated as

sjt = 100- {(rijt—1) / (nt—1)}* 100,

where fj; is the rank of andyst i following company | in year t, and iy is the number of andydts
following company j in year t. The most accurate andyst following company j receives the rank
of one. Average performance score of an andys in a given year is the average score across al
companies followed by her. For each window, the forecast included for each analys is the latest
forecast made by her during the window. The sample excludes al companies that are followed
by only one andyst and al anaysts that follow only one company.

% of flippers Samplesze

Forecast for Period (# Andysts)

Latest forecast madeduring | Pret  Post! p-vdue® | Pret Post!
Quarter ended Dec. 31

Aug. 10 — Oct. 22 1348 13.01 .66 2,462 1,637

Oct. 23— Jan. 10 12.15 1153 52 3,077 1,795
Quarter ended March 31

Oct. 23-Dec. 22 1146 11.18 .83 1,544 993

Dec. 23-Feb. 22 1286 14.02 .29 2,559 1,583
Quarter ended June 30

Feb. 1-March 31 13.02 1229 .52 2,220 1,375

April 1-May 31 10.73 1283 .03 2,897 1,777

1The post-FD period consists of flipping between the years 1999 and 2000 for the quarter ended
December 31; it consgts of the years 2000 and 2001 for the two subsequent quarters. The pre-
FD period conssts of flipping between the years 1995 and 1996, and 1997 and 1998 for the
December 31 quarter; and between the years 1996 and 1997, and 1998 and 1999 for the two
subsequent quarters.

2P-vaues are based on two-tailed tests.



